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Introduction

In cases of suspected COVID-19, ASE guidelines suggest that ECGs need not be monitored in order to reduce exposure and contamination [1]. However, as some automated methods for cardiac quantification rely on accurate heart rates (HR) being present,
it is important to be able to estimate the heart rates in cases where ECG monitoring was not performed. We propose and evaluate several novel heart rate estimation methods that apply directly to echocardiograms of the left ventricle (LV).

Methods and Results
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We have developed a robust and accurate method of estimating heart rates from multiple echocardiographic views in the presence or absence of contrast, which works even when there is motion of the probe during the acquisition.
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